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Fault Diagnosis Technology of Inter—shaft Bearing Based on EMD Fuzzy Entropy and Consultative

Decision Fusion Model
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(1. Liaoning Key Laboratory of Advanced Test Technology for Aeronautical Propulsion System,Shenyang Aerospace University ,Shenyang
110136, China;2.Institute of Information Science ,Beijing Jiaotong University, Beijing 100044, China)

Abstract: In order to solve the problem that it was difficult to identify the fault signal of aeroengine inter—shaft bearing,a consultative
decision fusion model combining five algorithms of kKNN,SVM,CART,RF and GBDT was proposed. The failure test verification of a type of
aeroengine inter—shaft bearing was carried out based on the inter—shaft bearing fault simulation test bench. The EMD algorithm was used to
decompose the collected vibration fault signal ,and the fuzzy entropy of IMF component was extracted as the fault feature. Fault of the inner
ring, fault of inner ring and rolling body coupling,normal,fault of stick —spalled,fault of stick —scratched were identified by established
consultative model. The test results show that the fault diagnosis accuracy of the consultative model is as high as 92.5% ,and it shows good
generalization ability.
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